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Impact of endogenous and exogenous factors on catches: A case
study of Viet Nam’s offshore fisheries

Nguyen Ngoc Duy*

ABSTRACT
The performance of fishing vessels is influenced by both endogenous and exogenous factors. This
study aims to investigate the impact of these factors on the catch quantity of offshore gillnet ves-
sels in Khanh Hoa, Vietnam, by estimating the harvest function using survey data from three fishing
seasons (2008, 2013, and 2018). The study has revealed that endogenous factors, such as engine ca-
pacity, the number of nets, the number of fishing days, and variable costs, exhibit a positive impact
on catches at the 1% level of significance. Among these factors, the number of nets has the high-
est effect on catches. Nevertheless, the effect coefficients are generally smaller compared to those
observed in previous studies within the same area or on the same fishing grounds. Conversely, the
coefficient estimate for the age of the vessel owner is negative, though statistically insignificant. Ex-
ogenous factors manifest varying effects on the quantity of catches. The research result found no
discernible effect of fuel cost support, while the stock proxy exhibited a minor impact coefficient,
and climate change awareness had a noteworthy impact on catch quantities at the 1% level of
significance. The findings imply that offshore resources could be experiencing a growing scarcity.
Additionally, as fishermen's awareness of climate change increases, they might be more inclined
to adjust and manage its impacts. Moreover, it raises concerns about the long-term sustainability
of open-access fisheries that rely on subsidies. The study suggests that fishing policies should fo-
cus on regulating offshore vessels' input factors to prevent the overuse of offshore resources. In
addition, policies should support fishermen in adopting appropriate coping strategies when faced
with climate change. Furthermore, subsidy policies that do not harm offshore resources should be
promoted.
Key words: Harvest Function, Endogenous Factors, Exogenous Factors, Offshore Fishery

INTRODUCTION
Numerous studies have been conducted worldwide to
estimate fisheries production functions, which are re-
ferred to as the harvest or catch function in fisheries.
Schaefer’s1 study is considered the first to address the
harvest function and has been widely cited in sub-
sequent literature. Schaefer posited that the produc-
tion function in fishing depends on three primary fac-
tors: catchability coefficient, fishing effort, and fish
biomass1. The catchability coefficient is determined
by the characteristics of the fishing gear used to catch
fish, while the fishing effort is a set of input factors
that fishermen can control and influence. In contrast,
the fish is viewed as a variable that impacts the har-
vest function, but each fisherman cannot control and
manage it. As a result, the fishing effort comprises
endogenous variables2–5. It is optimized by adjust-
ing the input factors of the vessel2,6. It differs from
input factors in that it is not a final product that is
consumed, but rather an intermediate product used
to generate the harvest quantity. Fishermen can ac-
tively manipulate the quantity of various input factors

based on the scale and nature of their operations2.
The fish stock is an important variable in the catch
function, but it is not actually a production input fac-
tor for the vessel. The fish stock can be considered
as an exogenous factor affecting catch output. How-
ever, if fishermen use excessive fishing effort, thatmay
cause fish stocks to decrease, leading to a decrease
in their catch output6,7. Other exogenous factors,
such as fisherymanagement policies, fishing incentive
mechanisms, climate change, etc., have potential im-
pact on the catch output of the vessel8–13.
An important question in fisheries economics is to
what extent fishing effort and other factors affect catch
quantity14. Understanding the harvest function of
fisheries is crucial in revealing the important factors
that impact fishermen’s output, and the extent of their
impact, and the potential for fishers to alter their tar-
geting behavior14,15. Pascoe et al.16 studied Danish
gillnet vessels and estimated production functions us-
ing physical input factors, namely vessel weight, en-
gine power, fuel consumption, fishing days, and fish
stock index. They measured these factors in both

Cite this article : Duy N N. Impact of endogenous and exogenous factors on catches: A case study of 
Viet Nam’s offshore fisheries. Sci. Tech. Dev. J. - Eco. Law Manag. 2023; 7(4):4759-4771.

4759

https://crossmark.crossref.org/dialog/?doi=10.32508/stdjelm.v7i4.1208&domain=pdf&date_stamp=2023-12-31


Science & Technology Development Journal – Economics - Law and Management 2023, 7(4):4759-4771

monetary and physical values and used three differ-
ent harvest functionsmodeled asCobb-Douglas func-
tions in translog form. The authors found that no vari-
ablemeasurement was better than the others, and rec-
ommended researchers choose the appropriate form
of measurement depending on the research purpose.
Meanwhile, Squires et al.17 estimated a production
function for Malaysian trawl fisheries to assess the ef-
ficiency of input use. They used a translog function
with multiple variables in the model and found that
vessel weight, fishing gear, crew members, and fish-
ing trips per month were significant variables. The
study revealed that the degree of influence of these
factors varied across regions and the level of develop-
ment in each area. Fishing fleets on the less developed
east coast of Malaysia had more significant influenc-
ing variables than those on the west coast.
Tingley et al.18 estimated input efficiency for the UK
fishing industry using harvest function estimation
techniques. They incorporated various input factors
such as vessels, equipment, fishing gear, engine ca-
pacity, fishing technology, skipper skills, fishing time,
and crew members. Their findings indicated that ves-
sel characteristics and skipper skills significantly im-
pacted the production function and played a vital role
in input efficiency. Felthoven et al.19 used a variant
production function model to estimate the produc-
tivity of Bering Sea and Aleutian Islands fisheries in
the US. The model included variables such as vessel
HP, length, crew size, days fished, stock index, and cli-
mate change. The study found that exogenous factors
like stock biomass and climate change significantly
impacted catch and productivity over time. Changes
in management policies and fishermen’s harvesting
strategies also played a significant role in production
outcomes.
Squires and Vestergaard20 added a technological
change variable to Schaefer’s (1957) harvest function
to show the impact of technological advancements
on the fisheries industry in the US and Canada. The
study suggested that technological change had a sig-
nificant effect on current and future catch and re-
source stocks, while fishing subsidies may have accel-
erated investment and technological advancements.
On the other hand, Reimer et al.21 recommended ac-
curately assessing the impact of policy interventions
and providing a comprehensive description of the
fishing process and regime when estimating the har-
vest function. Other studies constructed production
functions for different fisheries worldwide, includ-
ing Norwegian bottom trawl fisheries 14, Solomon Is-
lands’ handline fishery22, and pelagic fish stocks in
the Atlantic Ocean23,24. Gordon25 provided insights

into the endogeneity issues in estimating econometric
models for fisheries, including harvest functions.
In Vietnam, Tuan et al.26, Tuan et al.27 used a pro-
duction function to examine the factors influencing
the revenue generated by gillnet vessels in Nha Trang,
Khanh Hoa. The study proposed two regression
models with independent variables including vessel
length, vessel engine capacity, fishing gear, invest-
ment value of equipment, and vessel age. The primary
difference between the two models was that the fish-
ing gear variable was measured in terms of the num-
ber of nets and the value of the nets. The study de-
veloped a third-order polynomial multiple linear re-
gression equation to explain the variables. The find-
ings indicated that all the variables were statistically
significant. However, some third-order variable co-
efficients were not statistically significant, suggesting
that choosing an appropriate function form is one of
the limitations of this study. Some factors had a high
correlation, such as vessel length and engine capac-
ity, so including them in the same model could result
in multicollinearity, making the estimated outcomes
unreliable. Furthermore, using revenue as the depen-
dent variable in the study might lead to the biased es-
timates because revenue depends on prices. On the
other hand, Duy et al.28 applied a production func-
tion model to estimate fishing effort for the gillnet
fishery in Nha Trang in 2008. The study employed a
Cobb-Douglas model with the main factors, includ-
ing engine capacity, number of nets, and number of
fishing days at sea. The results indicated that all fac-
tors were statistically significant, and the output elas-
ticity coefficients with fixed factors were less than 1.
However, a limitation of this study is that the estima-
tionmodel used revenue as the output variable, which
is considered problematic since revenue from fishing
is dependent on fish prices. Although the study as-
sumed that the price of fish was the same across fish-
ermen, the use of revenue as the dependent variable
still might cause biased estimation.
Duy and Flaaten29 employed random catch produc-
tion frontiers to estimate the efficiency of input use
for offshore gillnet vessels in Khanh Hoa province.
The results indicated that the factors in the three esti-
mated models were statistically significant. The study
suggested that catch per unit of effort (CPUE) could
serve as an appropriate indicator for stock biomass if
the fishery lacks information on fish stocks. However,
the limitation of the study is that it assumed fishing
technology remained constant over time. Truong et
al.30 used a random production frontier to estimate
the efficiency of input use in offshore gillnet fisheries
in Da Nang, Vietnam. The production frontier model
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included vessel engine power, variable costs of fish-
ing trips, number of crew members, and number of
nets. The study found that the influential variables
were statistically significant, but had almost no inter-
action effects. On the other hand, Pham et al.31 de-
veloped a production function of offshore fishing nets
in Da Nang that included two fixed variables (vessel
weight and capacity) and four variable inputs (num-
ber of days fishing at sea, number of nets, fuel costs,
and number of crew members). The results showed
that the offshore fishing industry in Da Nang was not
operating at full capacity, and that many vessel capa-
bilities were underutilized. Since the study used non-
parametric estimation techniques, the degree of influ-
ence of the input variables could not be quantified.
Several studies have estimated production functions
in various fishing industries in Vietnam. Long et
al.32 used the translog production function to esti-
mate factors affecting revenue and income in offshore
longline fisheries in Khanh Hoa. Other studies es-
timated production functions for trawl fisheries in
Khanh Hoa33,34, Ben Tre and Quang Ninh35. How-
ever, these studies did not consider exogenous vari-
ables such as resource stocks, institutional frame-
works, fisheries management policies, and climate
change.
In this paper, the harvest function has been designed
and estimated. The empirical focus is an offshore
fishery in Khanh Hoa province, Vietnam. In recent
years, the offshore fishing industry in Khanh Hoa
province has faced a number of challenges, particu-
larly the offshore gillnet fishery. The fishing produc-
tivity of offshore gillnet vessels has fluctuated signif-
icantly and has shown an overall decreasing trend in
recent years29. The increase in the number of fish-
ing vessels has contributed to the decline in catch pro-
ductivity, which is likely due to changes in the off-
shore fishing incentive mechanism over the years. As
a result, vessel owners are increasingly investing in
modernization and intensifying fishing efforts, poten-
tially leading to a decline in offshore resources, which
could negatively impact catch productivity 29. Essen-
tial questions that need to be addressed for policy-
makers are: why has the catch productivity of the gill-
net fishery decreased? What motivates fishermen to
increase their fishing effort? And how do endogenous
and exogenous factors impact catch quantities? To
properly address these inquiries, it is crucial to under-
stand the intricate nature of the interactions among
the variables involved in fishing operations by esti-
mating the harvest function.
The following sections will provide the theoretical
background and methods, followed by the research

results. The discussion will then be presented, and
the main conclusions and policy implications will be
summarized.

THEORY ANDMETHODS
Theory of production function in fisheries
The Schaefer harvest function, proposed by Schae-
fer1, is commonly used in bioeconomic studies. It as-
sumes a linear relationship between fishing effort (E)
and stock biomass (S), with the resulting catch quan-
tity (H) given by the formula:

H = qES (1)

where q is the catchability coefficient, which is a gear
and stock specific constant.
The function (1) is expanded and represented as a
Cobb-Douglas production function as follows:

Ht = H (Et ,St) = qEα
t Sβ

t (2)

where Ht is the catch of the vessel in year t, Et is
the fishing effort of the vessel in year t, St is the fish
stock biomass in year t, α is the elasticity coefficient
of the catch with respect to effort, and β is the elastic-
ity coefficient of the catch with respect to stock. This
function (2) has been widely applied to fisheries eco-
nomics2–5,14,36,37

As mentioned, fishing effort Et is formed by a vector
set of input production factors (Xt ) such as capital, la-
bor, and other factors, Et =E(Xt ). Therefore, the func-
tion (2) can be rewritten as:

Ht = H (E (Xt) ,St) = qXα
t Sβ

t (3)

where Xt is the vector of input factors of the vessel in
year t and α is the vector of elasticity coefficients of
the catch with respect to input factors.
Fishing vessels may be influenced by external factors.
In this case, the harvest function can be rewritten as:

Ht = H (E (Xt) ,St) = qXα
t Sβ

t eZt (4)

where Zt is the vector of factors related to fishing pol-
icy mechanisms (such as subsidies) or climate vari-
ability (such as climate change, weather), or other ex-
ternal factors (such as demographic characteristics of
fishing households).

Model specification
The selection of variables for the production function
in fisheries varies across fishing gears. Several stud-
ies, including Felthoven et al.19, Grafton et al.38, Her-
rero39, Khanh Ngoc et al.33, Kompas et al.40, Pas-
coe and Coglan41, Pascoe et al.42, Squires et al.17,
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and Tingley et al.18 have employed fixed input fac-
tors, such as vessel size (e.g., weight, length, and
width) and/or engine power, as variables to represent
the level of capital invested in fishing. Pascoe and
Coglan41 found that about one-third of the variation
in catch output of the trawl fishery can be explained
by the technical characteristics of the vessel. In addi-
tion, variable input factors, including the number of
fishing days, the number of fishing trips per year, and
the number of crew members, have often been con-
sidered to affect catch output in a year43. Sharma and
Leung44 estimated the harvest function for the long-
line fishery in Hawaii using only variable factors such
as the number of crew members, number of fishing
days/trips, and variable costs. Similarly, Kirkley et
al.23, Kirkley et al.24 employed the number of crew
members, number of fishing days, and size of gear in
the harvest function of the dredge fishery in the At-
lantic Ocean. In contrast, Pascoe and Coglan41 com-
bined vessel size variables, engine power, and num-
ber of fishing hours in the production function of the
trawl vessel in the English Channel. Long et al.32 used
the vessel length, the total number of months of op-
eration in a year, the number of crew members, and
the number of fishing trips in the production function
of the offshore longline fishery in Khanh Hoa. Some
other studies have indicated that the experience and
fishing skills of the skipper affect catch output when
estimating the production function, such as Squires
and Kirkley 45.
In gillnet fisheries, Pascoe et al.16 incorporated mea-
surements of fixed inputs, such as vessel weight and
engine power, along with the amount of fuel used and
the number of fishing days, into the production func-
tion of gillnet vessels in Denmark. Similarly, Squires
et al.17 identified vessel weight, number of nets, num-
ber of crew members, and number of trips as statisti-
cally significant variables in the production function
of gillnet fisheries in Malaysia. Truong et al.30 found
vessel engine power, variable cost, number of crew
members, and number of nets to be significant fac-
tors in the production function of offshore gillnetters
in Da Nang. Pham et al.31 included vessel weight, en-
gine power, number of fishing days, number of nets,
fuel cost, and crew size in the production function of
offshore fisheries inDaNang. In a similar vein, Duy et
al.28 and Duy and Flaaten29 utilized three variables,
namely engine power, number of nets, and number
of fishing days, in the production function of gillnet
vessels in Nha Trang, Khanh Hoa.
In this study, the engine power of the vessel was se-
lected as a fixed input factor to measure the fishing ef-
fort of the vessel. The engine power had been widely

used in previous studies16,28–31. The variable input
factors were determined as the average number of gill-
nets used, number of fishing days, and variable fishing
cost, which have been identified as significant vari-
ables in previous studies17,28–31. These variables are
considered endogenous variables to the vessel.
The stock of resources is an essential variable in har-
vest functions. However, due to the lack of informa-
tion on the stock of resources for the fishing industry
in Vietnam, this study uses CPUE as a proxy for the
stock variable. CPUE is a commonly used proxy for
resource stock in the production functions of various
fisheries worldwide, such as Comitini and Huang46,
Greenville et al.47, Kirkley et al.23, Kirkley et al.24,46,
Eggert48, and Pascoe andCoglan41. In Vietnam, a re-
cent study by Duy and Flaaten29 on the gillnet fishery
found that CPUE could be a suitable proxy measure
for the variation of fish stock in information-limited
fisheries.
In this study, the production function included sev-
eral variables, such as the age of vessel owners, fuel
cost subsidies, and climate change, in addition to the
traditional inputs of gillnet fishing. The age of vessel
owners is considered an important variable, as it re-
flects the experience of the owners and may impact
the catch yield. Several studies have supported this
relationship, including Kirkley et al.24, Squires and
Kirkley45, and Nguyen et al.35.
Fuel cost subsidies, which have been implemented in
Vietnam since 2008, represent a policy mechanism
variable that can impact the behavior of fishermen
and their fishing outcomes. The effectiveness of these
subsidies has been studied by several researchers, in-
cluding OECD8, Sumaila9, Duy et al.49, andDuy and
Flaaten50.
Finally, climate change is an important variable in the
production function of fisheries, as it can impact stock
and fishing productivity. A number of authors, in-
cluding Daw et al.10, Grafton11, Sumaila et al.12, and
Cheung et al.13, have demonstrated the relationship
between climate change and fisheries. While data on
climate change is often difficult to measure, it can be
approximated by the perceptions of fishermen regard-
ing changes in climate, weather, ocean currents, and
sea temperature, as demonstrated by Schwarz et al.51

and Hasan and Nursey-Bray52.
Duy et al.28 utilized a Cobb-Douglas production
function to estimate fishing effort in the offshore gill-
net fishery of Nha Trang city, Khanh Hoa province.
Duy and Flaaten29 also confirmed the suitability of
the Cobb-Douglas form for estimating the random
frontier production function of the gillnet fishery in
Khanh Hoa. Truong et al.30 employed a translog
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model for the gillnet fishery in Da Nang, but the coef-
ficients of the interaction terms among variables were
statistically insignificant. Therefore, this study uses a
Cobb-Douglas production function with the follow-
ing form:
lnYit = β 0 + β 1lnHPit + β 2lnGEARit + β 3lnDAYit

+ β 4lnCPUEt + β 5lnVAR_COSTit + β 6AGEit +
β 7SUBSIDYit + β 8PER_CCit + β 9YEAR2018 + ε it

(5)
where the variables defined in Table 1 and ε it repre-
sent the error term for vessel i in year t.
The perception of vessel owners (or captains) on
climate change compared to five years ago (the
PER_CCit variable) is measured in this study
through a survey that evaluates the frequency of
climate/weather events affecting fishing activities.
Four climate/weather events are evaluated: (i) storms
and floods, (ii) increasing temperatures at sea, (iii)
rising sea levels, and (iv) changes in ocean currents.
Vessel owners or captains were asked about their
perception regarding each climate/weather event
based on five-point scales: 1 = not occurring, 2
= occurring less than before, 3 = occurring at an
average level, similar to five years ago, 4 = occurring
slightly more, and 5 = occurring much more.

Data
The empirical analysis focuses on the offshore gillnet
fishery in KhanhHoa province, Vietnam. KhanhHoa
is a coastal province n the south-central Coast of Viet-
nam. As of 2019, the province had over 9,500 ves-
sels, with nearly 800 vessels having an engine capac-
ity of over 90 HP, accounting for 8.4% of all vessels,
mainly operating in offshore areas53. These vessels
are typically over 15 meters long. The offshore fish-
ing fleet consists primarily of gillnet, trawl, handline,
and purse seine vessels. Gillnet vessels make up ap-
proximately 25% of the offshore fleet in the province,
with an average capacity of over 300 HP per vessel.
The number of offshore gillnetters with a capacity of
over 400 HP increased during the period from 2009
to 2019, while vessels with a capacity of 90 to under
400 HP decreased.
The offshore fishing season extends throughout the
year, from October to September of the following
year, and is divided into two seasons: the northeast
monsoon (from October to March) and the south-
west monsoon (from April to September). During
August to September or September to October, off-
shore gillnet vessels usually remain onshore for main-
tenance and repairs. The primary target species of
gillnetters are migratory pelagic species, such as tuna.

Striped tuna (Sarda orientalis), skipjack tuna (Katsu-
wonus pelamis), and mackerel species like the Indo-
Pacific king mackerel (Scomberomorus guttatus), wa-
hoo (Acanthocybium solandri), and narrow-barred
Spanish mackerel (Scomberomorus commerson) are
the main target species. Additionally, other species
are occasionally caught as incidental bycatch. Gillnets
are comprised of numerous individual net walls that
are linked together to form a large net wall that hangs
vertically in the water. Floats are attached to the top
of the net, while weights are attached to the bottom.
When fish swim into the net, they may become gilled,
entangled, or enmeshed by their gills.
The study collected representative random sam-
ples from three fishing year-seasons: 2008/2009,
2013/2014, and 2018/2019, which are denoted as the
2008, 2013, and 2018 seasons, respectively. The sam-
ples comprised 58, 57, and 49 vessels, respectively, ac-
counting for 25.8%, 22.1%, and 23.3% of the gillnet
population in each season. Identical questionnaires
were used to collect data covering various aspects of
the gillnet fishery, such as technical and operational
characteristics of vessels, costs and earnings data,
catch information, demographic data, and crewmem-
bers’ income. The data was collected through direct
face-to-face interviews with either the vessel owner or
captain.
The data comprises a combination of cross-sectional
and time-series data, which cannot be considered a
panel. Specifically, the data pertains to individual ves-
sels from a population over a period of three years, but
there are differences in the vessels included in each
year. Consequently, data from different individuals is
pooled or aggregated without accounting for poten-
tial individual differences that could affect the esti-
mated coefficients. The study employs the ordinary
least squares (OLS)method to estimate themodel, fol-
lowed by testing the assumptions of the multiple re-
gression model, as outlined by Hill et al.54. If het-
eroscedasticity is detected, the study will employ the
generalized least squares (GLS) and heteroscedastic-
consistent covariance matrix estimators proposed by
White55. Furthermore, to ensure accuracy, the values
of variable costs and fuel cost subsidies in 2008 and
2013 are adjusted for inflation using the price index
to reflect 2018 during the model estimation process.
Table 2 presents descriptive statistics for the variables
in the research model. Overall, the values of the vari-
ables increased over the three years, except for the
DAY and PER_CC variables, which decreased in 2018
compared to 2013. The dataset exhibits a wide range
of variability in the variables, for example, the average
engine capacity is 320.1 HP, but the standard devia-
tion is 135.9 HP.
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Table 1: The definition of variables used in themodel

Variables Definitions

Yit Catch quantity of vessel i in year t (tons)

HPit Engine capacity (HP) of vessel i in year t

GEARit Number of nets used in each trip of vessel i in year t (nets)

DAYit Number of fishing days of vessel i in year t (days)

VAR_COSTit Variable costs of vessel i in year t (million VND)

CPUEt Proxy for fish stock in year t (kg/day)

AGEit Age of owner of vessel i in year t (years)

SUBSIDYit Level of fuel cost subsidy for vessel i in year t (million VND)

PER_CCit Perception of owner (or captain) of vessel i on climate change compared to 5 years ago
(5-point Likert scale)

YEAR2018 Dummy variable: YEAR2018 = 1 if the fishing season is 2018/2019; otherwise, YEAR2018
= 0.

Table 2: Descriptive statistics of the variables in themodel

Variables Unit 2008
(N=58)

2013
(N=57)

2018
(N=49)

Total
(N=164)

Mean S.D. Mean S.D. Mean S.D. Mean S.D.

Catch quantity (Y) Ton 74.6 24.4 98.2 28.0 98.5 27.5 89.9 28.8

Engine power (HP) HP 249.6 149.3 311.9 117.7 413.2 71.3 320.1 135.9

Number of nets
(GEAR)

Net 267.7 63.6 278.1 52.9 319.7 37.5 286.9 57.2

Number of fishing
days (DAY)

Day 231.2 28.6 237.9 35.5 233.7 30.3 234.3 31.6

Variable costs
(VAR_COST)

Million
VND

604.4 174.5 1148.2 350.2 1446.3 405.6 1045.0 471.6

CPUE index Kg/day 306.5 0 399.9 0 405.1 0 368.4 46.0

Age of vessel owner
(AGE)

Year 45.7 10.6 50.9 11.3 55.6 11.7 50.5 11.8

Fuel cost subsidy
(SUBSIDY)

Million
VND

29.2 1.6 123.1 93.4 282.0 33.7 137.4 117.7

Perception of fish-
ermen on climate
change (PER_CC)

5-point Lik-
ert scale

2.7 0.8 3.7 0.5 3.4 0.7 3.3 0.8

Notes: N shows the number of surveyed vessels; S.D. means standard d eviation; all parameters are per vessel. Source: own data and calculations.

4764



Science & Technology Development Journal – Economics - Law and Management 2023, 7(4):4759-4771

RESULT
Table 3 shows the estimation results and test statis-
tics for the harvest function model. The adjusted R-
squared value of 0.855 suggests that the model ex-
plains 85.5% of the variation in catch quantity. The
F-statistic of 107.6 is statistically significant at the 1%
level, indicating that the estimated relationship is sig-
nificant. Themodel specification is tested using Pregi-
bon’s test, which regresses the dependent variable LnY
on its prediction and the prediction squared. The
result shows that the prediction squared has no ex-
planatory power, as its coefficient is not statistically
significant (p-value of 0.699). This suggests that the
Cobb-Douglas function is the appropriate form for
the model.
Assumptions ofmultiple linear regressionwere tested.
First, the linearity assumption was examined us-
ing scatterplots, which suggested a linear relation-
ship between the independent and dependent vari-
ables.a Second, the normality assumption was eval-
uated by testing whether the residuals of the regres-
sion were normally distributed. The p-values for the
skewness and kurtosis tests were 0.597 (>0.05) and
0.008 (<0.05), respectively (Table 3), indicating that
the residuals of the model were normally distributed.
The standardized residual frequency histogram also
showed that the mean value of the residuals was ap-
proximately equal to 0, with a standard deviation of
0.972 (approximately equal to 1). This result suggests
that the assumption of normally distributed residu-
als was not violated. Third, a Durbin-Watson (DW)
statistic value of 1.866 indicated that there was no sig-
nificant autocorrelation in the residuals, as it was close
to the ideal value of 2. Fourth, the VIF (variance in-
flation factor) values ranged from 1.16 to 4.49, with
a mean of 2.76, indicating moderate multicollinear-
ity among the independent variables. Among vari-
ables HP, GEAR, and VAR_COST, correlation coeffi-
cients ranging from 0.7 to 0.8 may be the cause of the
multicollinearity phenomenon.b However, none of
the VIF values exceeded the commonly used thresh-
old of 5, indicating that there was no significant mul-
ticollinearity in the model56. Moreover, as most of
the t-statistic values were greater than 2 and the esti-
mated coefficients had the expected signs, collinearity
was not problematic ( 57, p.196).
The last assumption of the regression model is ho-
moscedasticity, which means that the variance of the
error terms should be constant across all levels of the

aScatterplots will be made available on request.
bThe correlation matrix between the variables is available upon

request.

independent variables. The Breusch-Pagan test re-
ports a Chi-squared (χ2) value of 1.47 and a p-value
of 0.2261 (>0.05), indicating that there is no evidence
of heteroskedasticity in the regression model. On the
other hand, the White test reports a χ2 value of 86.67
with a significant level of 5%, concluding that het-
eroscedasticity is present in the data. Breusch-Pagan
test also reports that the explanatory variables, includ-
ing LnCPUEd, SUBSIDY, and PER_CC, exhibit vari-
ance heterogeneity at a 5% level of significance. This
implies that the assumption of homoscedasticity is
not entirely met, and further investigation is required
to determine the source of heteroscedasticity and ad-
dress it appropriately.
When heteroscedasticity is present, the standard er-
rors of OLS shown in Table 3 become unreliable,
and the least squares estimators are no longer opti-
mal. Two methods can be used to address this issue.
The first method involves using robust standard er-
rors to obtain a more accurate measure of the true
standard errors of the regression coefficients. In this
study, White’s55 heteroscedasticity-consistent covari-
ancematrix estimators are used to re-calculate the test
values for robust standard errors. The second method
involves using weighted regression by applying the
generalized least squares (GLS) method. After esti-
mating the model using these two methods, the AIC
(Akaike’s information criterion) and BIC (Bayesian
information criterion) are calculated. The model es-
timated using robust covariance matrix estimation is
selected as it has better AIC and BIC criteria.c There-
fore, the regressionmodel withWhite robust standard
errors and t-statistic values, as presented in Table 3,
still has the best linear unbiased estimators.
The results presented in Table 3 reveal that the esti-
mated coefficients of endogenous variables, includ-
ing LnHP, LnGEAR, LnDAY, and LnVAR_COST, are
all positive and statistically significant at the 1% level
of significance, suggesting that these variables have a
positive impact on catch quantity. On the other hand,
the coefficient estimate for AGE is negative, but statis-
tically insignificant.
Regarding exogenous variables, the coefficient esti-
mate for SUBSIDY is statistically insignificant, while
the CPUEd variable has a positive and statistically sig-
nificant effect on catch quantity at the 1% level of
significance. Moreover, the coefficient estimate for
PER_CC is positive and statistically significant at the
1% level of significance, indicating that a more posi-
tive perception of climate change is associated with a
higher catch quantity.

cResults of AIC and BIC information criterion will be made avail-
able on request.
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Table 3: Parameter estimate and test statistics of themodel

Coefficient OLS White test VIF

S.E. t-statistic S.E. t-statistic

Constant -5.9397 1.010 -5.879* 1.092 -5.440*

LnHP 0.1268 0.034 3.733* 0.032 4.010* 3.794

LnGEAR 0.4631 0.103 4.514* 0.100 4.640* 4.485

LnDAY 0.3640 0.095 3.833* 0.129 2.810* 1.663

LnVAR_COST 0.3856 0.057 6.711* 0.063 6.120* 3.793

LnCPUEd 0.3867 0.137 2.831* 0.135 2.870* 2.718

AGE -0.0006 0.001 -0.565 0.001 -0.590 1.157

SUBSIDY -0.0001 0.000 -0.492 0.000 -0.430 3.469

PER_CC 0.0352 0.017 2.131** 0.013 2.810* 1.448

YEAR2018 -0.0997 0.036 -2.760* 0.041 -2.430** 2.352

R2 = 0.863; Adjusted R2 = 0.855; F-statistic = 107.6 (p-value = 0.000).
DW-statistic = 1.866; Average VIF = 2.760.
Skewness/Kurtosis tests for Normality: P-value (Skewness) =0.597; P-value (Kurtosis)= 0.008.

Note: Dependent variable: LnY; number of observations = 164; S.E. means standard errors;
∗ , ∗∗ are statistically significant at the level of 1% and 5%, respectively.

Furthermore, the coefficient estimate for YEAR2018
is negative and statistically significant at the 5% level
of significance. This suggests that, after controlling for
the effects of other variables, fishing in the 2018 sea-
son is associatedwith lower catch quantitiescompared
to the 2013 and 2008 seasons.
Overall, the results suggest that vessel characteristics,
such as engine capacity, number of nets used, and
variable costs, as well as the number of fishing days
and fish stock proxy, are significant determinants of
the catch quantity of offshore gillnet vessels. Ad-
ditionally, owner or captain perceptions of climate
change have a positive associationwith catch quantity,
while subsidies and vessel owner age do not have a sig-
nificant effect on catch quantity. Finally, the negative
coefficient of YEAR2018 indicates a decrease in catch
quantity during the 2018 season compared to previ-
ous seasons after the effects of the remaining variables
are taken into account.

DISCUSSION
The research findings suggest that a 1% increase in the
power capacity leads to a 0.1268% increase in the an-
nual catch of offshore gillnet vessels in Khanh Hoa
province, holding other factors constant. This im-
pact is lower than the results reported by Duy and
Flaaten29, ranging from0.269% to 0.280%, andDuy et
al.28, which reported a variation of 0.251%. However,
this is due to several reasons. Firstly, offshore fishing

activities rely increasingly on fishing equipment, fish
detection technology, and other support devices. Sec-
ondly, when the percentage increase in vessel power
is much higher than the percentage increase in catch
in the three seasons, it may suggest that offshore re-
sources are becoming scarcer. Moreover, countries in
the East Sea are increasingly tightening their control
over their own sea areas, so fishermen are reluctant to
move to offshore areas that overlap with other coun-
tries. Thirdly, gillnets are a type of static gear, so vessel
power may not be the most important factor affect-
ing catch production compared to active gear such as
trawl17,30.
The regression results suggest that a 1% increase in the
number of fishing nets results in an average increase
of 0.4631% in catch output, holding other factors con-
stant. Although this impact is lower than the findings
of Duy and Flaaten’s29 study, it is similar to the results
of Duy et al.28. These results highlight the importance
of the number of nets used in the production func-
tion of offshore gillnetters in Khanh Hoa province.
The study by Squires et al.17 also demonstrated that
fishing gear was a key factor in the production func-
tion of gillnet fisheries inMalaysia. This finding could
explain the observed increase in the average number
of nets used in the 2018 season by 15% compared to
the 2013 season and nearly 20% compared to the 2008
season (see Table 2).
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The number of fishing days is considered an impor-
tant endogenous factor that reflects fishing effort and
has a significant statistical effect. The elasticity coef-
ficient of the DAY variable is 0.3640, while the theory
of the fishery production function expects this coef-
ficient to be equal to one. However, from a practical
perspective, a smaller elasticity coefficient of the catch
with respect to the number of fishing daysmay be rea-
sonable because this variable includes not only the ac-
tual days fished at sea but also the time spent trav-
eling from the port to the fishing grounds and back.
A smaller coefficient may be due to the actual fishing
days at sea being fewer, as it may take more time to
travel to the fishing grounds or the fishery resources
may be increasingly scarce, requiring more time for
fishermen to search for the target species. This obser-
vation is further supported by the fact that the coef-
ficient of lnDAY is slightly smaller than the estimated
results of Duy et al.28 and Duy and Flaaten29.
The variable cost has a positive impact on catch quan-
tity, as expected. Variable costs include the costs of
fuel, lubricants, ice, and food used for fishing trips at
sea, and they are considered a proxy variable for other
input factors, such as the number of crew members.
A vessel with more crew members is likely to have
higher food costs. If a vessel with high variable costs
also hasmore crewmembers, operates for longer days,
has a larger engine capacity, and carries more fish-
ing nets, multicollinearity may occur due to the cor-
relation among variables, as discussed earlier. How-
ever, the test results show that multicollinearity is not
a significant issue, and the model built with the cur-
rent variables is appropriate. The elasticity of output
to variable costs in this study is only half of the re-
sults of Truong et al.30 for gillnet fishing in Da Nang
(0.720). This difference may be due to the measure-
ment of the output variable as revenue in Truong et
al.30, while production function theory measures the
output variable as catch quantity 1,14.
The test results do not reject the null hypothesis that
the total elasticities of the HP, GEAR, and DAY vari-
ables are equal to one, aswell as the hypothesis that the
total elasticities of the HP, GEAR, and VAR_COST
variables are equal to one. However, the total elastic-
ities of the endogenous factors, including HP, GEAR,
DAY, and VAR_COST, are significantly greater than
one at the 5% level. This suggests that offshore gillnet
vessels in Khanh Hoa operate with increasing returns
to scale. In practice, a low degree of scale efficiency
may be more significant than a high degree. Many
previous studies, such as Fousekis and Klonaris58,
Greenville et al.47, Kirkley et al.23, Kirkley et al.24,
Pascoe et al.42, Sharma and Leung44, and Squires and

Kirkley45, have also found scale efficiency in fisheries
worldwide.
Economic theory suggests that the productivity of all
inputs is maximized when efficiency does not change
with scale. Firms operating with a variable return to
scale will create scale inefficiencies, resulting in lower
levels of productivity 59. However, an increasing re-
turn to scale does not necessarily imply that offshore
vessels in Khanh Hoa increase productivity when in-
creasing fishing capacity (i.e., input factors). This is
because the fish stocks in offshore waters of Vietnam
are considered to have been overfished 60, and sea-
sonal variations in harvesting productivity and costs,
including risks to vessels, fishing gear, and crewmem-
bers during rainy and stormy seasonsmay hinder pro-
ductivity growth.
Duy and Flaaten29 have suggested that the CPUE in-
dex can be a good representative measure of stock
variability when fish stock information is limited.
Theoretically, this coefficient should have unitary
elasticity, but in practice, it is often less than one in
many fisheries around theworld14,41,46,47. This is par-
ticularly relevant in open-access fisheries like those
found in Vietnam, where a large number of vessels
engage in diverse and competitive offshore fishing ac-
tivities within the region. Furthermore, as mentioned
above, the number of fishing days is not only the ac-
tual number of days fished at sea, so an elasticity for
the CPUE variable less than 1 is not contrary to the-
ory. However, the CPUE coefficient of 0.3867 is sig-
nificantly low compared to 1, which may imply that
the stock is becoming increasingly scarce.
Among the exogenous variables, the PER_CC vari-
able has a statistically significant impact on catch vol-
ume in the year. Survey results indicate that fisher-
men believe that extreme weather events are becom-
ingmore frequent and are affecting their fishing activ-
ities. A positive coefficient for the PER_CC variable is
not surprising. If fishermen have a better understand-
ing of climate change, they are more likely to adopt
appropriate adaptation and coping strategies. When
there are extreme weather events such as storms or
floods, vessel owners adapt by either avoiding fishing
or moving to fishing grounds with favorable weather
conditions. Most offshore vessels are equipped with
long- and short-range communication devices, com-
passes, and radio systems to receive natural disaster
warnings. Thanks to vessel owners’ awareness and
proactive risk management, many vessels have min-
imized losses of human lives, vessels, and property on
board, as well as other expenses, resulting in higher
productivity for the year. Recent studies also empha-
size that when fishing communities are aware of the
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impact of risk events or incidents caused by climate
change, they can develop successful adaptation and
coping strategies themselves11,51,61.
Kirkley et al.24, Squires and Kirkley45, and Nguyen
et al.35 have argued that the age of vessel owners
may reflect their fishing experience and thereforemay
have an impact on catch quantity. However, the AGE
variable did not have a statistically significant impact
on catch quantity, which may be due to the increas-
ing role of scientific and technological factors in the
offshore gillnet industry in Khanh Hoa. Vessels are
now equipped with modern GPS receivers, radars,
and monitoring systems, which help to observe fish-
ing grounds. This is particularly important for target
fish species caught in offshore fishing, such as tuna30.
Furthermore, some vessel owners do not participate
in fishing activities themselves, and instead, their chil-
dren or relatives are hired as captains. This character-
istic is quite common in the fishing industry in Khanh
Hoa28,32,62.
Surprisingly, the variable of fuel subsidy (SUBSIDY)
did not have a statistically significant effect on the
catch output. Theoretically, government subsidies
would encourage increased fishing effort in open
access conditions, potentially leading to increased
catch. However, long-term increased catch would
decrease the resource stock, and excessive depletion
of the stock would negatively affect the catch of ves-
sels8,9,49,50. Over the 3-year survey period, govern-
ment fuel subsidy policies may have increased fish-
ing effort, such as vessel engine capacity, number of
nets, and variable costs, resulting in increased catch
quantity on average (Table 2). The regression results
showed that the average catch quantity in the 2018
season was lower than that of the two previous sea-
sons, after the effects of other remaining variables
were taken into account. Therefore, the non-effect of
fuel subsidies on output may be due to the long-term
impact of subsidies through economic benefits49. It
is possible that the 2018 season catch was largely af-
fected by the fuel subsidy policies of previous years.

CONCLUDING REMARKS
The study has shown that endogenous variables such
as engine capacity, number of nets, number of fish-
ing days, and variable costs have a statistically signif-
icant positive impact on catches. Notably, the coef-
ficient of elasticity of catch to the number of nets is
the largest. However, the regression coefficients are
generally smaller than those in previous studies in the
same area or on the same fishing grounds, indicating

that offshore resources may be becoming increasingly
scarce.
Regarding exogenous variables, the study found that
the small coefficient of the stock proxy variable sug-
gests that offshore resources are becoming scarcer.
The government’s fuel cost support was found to have
no effect on catches, while fishermen’s perceptions
of climate change had a statistically significant ef-
fect. The results imply that as fishermen becomemore
aware of climate change, they may be more likely to
adapt and cope with its effects, and that open-access
fisheries with subsidies may not be sustainable in the
long run.
The study emphasizes the importance of implement-
ing measures to protect, regenerate, and develop off-
shore resources to prevent their depletion. Endoge-
nous factors such as the number of nets, variable costs,
and number of fishing days have the most significant
impact on catches. Therefore, policymakers and fish-
ery managers should develop policies to manage the
use of offshore vessels’ input factors. To prevent the
overuse of offshore resources, policymakers should
also consider setting a maximum limit for vessel en-
gine power or vessel length, in addition to the cur-
rent minimum requirements. Furthermore, the study
suggests that policymakers may consider reducing to-
tal fishing efforts to lessen fishing pressure on off-
shore fisheries resources. To this end, providing al-
ternative livelihoods for fishermen such as, aquacul-
ture or coastal tourism, could be feasible solutions. As
the study found that fishermen’s awareness of climate
change affects fishing catches, the government should
implement action plans, awareness campaigns, and
education programs to improve their understanding
of the threats posed by climate change. Additionally,
the government should support fishermen in adopt-
ing appropriate coping strategies when faced with ex-
treme weather events. The study found that fuel cost
subsidies did not significantly influence catch rates.
While subsidies increased the economic indicators
of offshore gillnet vessels, they negatively impacted
the sustainable development of offshore fisheries 50.
Therefore, policymakers should review and evaluate
the current subsidy program to determine its conse-
quences on economic, resource, and social aspects,
and to assess its trade-offs and effectiveness in man-
agement. The government should promote and en-
courage supportive policies without harming offshore
resources or sustainable development.

ABBREVIATIONS
AIC: Akaike’s information criterion
BIC: Bayesian information criterion
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CPUE: Catch per unit of effort
GLS: Generalized Least Squares
HP: Horsepower
OECD:TheOrganization for EconomicCo-operation
and Development
UK: United Kingdom
US: United States

CONFLICT OF INTEREST
The author declares that there are no conflicts of in-
terest in the publication of this article.

AUTHOR CONTRIBUTIONS
The author takes responsibility for the entirety of the
content in this article.

ACKNOWLEDGEMENT
This research is funded by the Vietnam National
Foundation for Science andTechnologyDevelopment
(NAFOSTED) under grant number 502.01-2021.13.

REFERENCES
1. Schaefer MB. Some considerations of population dynamics

and economics in relation to the management of marine
fisheries. J Fish Res Bd Can. 1957;14(5):669-81;Available from:
https://doi.org/10.1139/f57-025.

2. Squires D. Fishing effort: its testing, specification, and inter-
nal structure in fisheries economics and management. J En-
viron Econ Manag. 1987;14(3):268-82;Available from: https:
//doi.org/10.1016/0095-0696(87)90020-9.

3. Pollak RA, Wales TJ. Specification and estimation of nonsepa-
rable two-stage technologies: the Leontief CES and the cobb-
Douglas CES. J Pol Econ. 1987;95(2):311-33;Available from:
https://doi.org/10.1086/261457.

4. Padilla JE, Trinidad AC. An application of production theory
to fishing effort standardization in the small-pelagics fishery
in central Philippines. Fish Res. 1995;22(1-2):137-53;Available
from: https://doi.org/10.1016/0165-7836(94)00305-G.

5. Pascoe S, Robinson C. Measuring changes in technical
efficiency over time using catch and stock information.
Fish Res. 1996;28(3):305-19;Available from: https://doi.org/10.
1016/0165-7836(96)00502-4.

6. Flaaten O. Fisheries and aquaculture economics. 2nd ed.
Copenhagen, Denmark: Bookboon; 2018;.

7. Clark C. Mathematical bioeconomics: the optimal manage-
ment of renewable resources. 2nd ed. New York: Wiley; 1990;.

8. OECD. Financial support to fisheries: implications for sus-
tainable development. Paris: Organization for Economic Co-
operation and Development (Organization for Economic Co-
operation and Development) Publishing; 2006;.

9. Sumaila UR. How to make progress in disciplining overfish-
ing subsidies. ICES J Mar Sci. 2013;70(2):251-8;Available from:
https://doi.org/10.1093/icesjms/fss173.

10. Daw T, Adger WN, Brown K, Badjeck M-C. Climate change and
capture fisheries: potential impacts, adaptation and mitiga-
tion. In: Cochrane K, De Young C, Soto D, Bahri T, editors.
Climate change implications for fisheries and aquaculture:
overview of current scientific knowledge. FAO Fisheries and
Aquaculture Technical Paper no. 530. Rome: Food and Agri-
culture Organization; 2009. p. 107-50;.

11. Quentin Grafton RQ. Adaptation to climate change in ma-
rine capture fisheries. Mar Policy. 2010;34(3):606-15;Available
from: https://doi.org/10.1016/j.marpol.2009.11.011.

12. Sumaila UR, Cheung WWL, Lam VWY, Pauly D, Herrick S. Cli-
mate change impacts on the biophysics and economics of

world fisheries. Nat Clim Change. 2011;1(9):449-56;Available
from: https://doi.org/10.1038/nclimate1301.

13. Cheung WWL, Pinnegar J, Merino G, Jones MC, Barange
M. Review of climate change impacts on marine fisheries
in the UK and Ireland. Aquat Conserv Mar Freshw Ecosyst.
2012;22(3):368-88;Available from: https://doi.org/10.1002/aqc.
2248.

14. Eide A, Skjold F, Olsen F, Flaaten O. Harvest functions: the
Norwegian bottom trawl cod fisheries. Mar Resour Econ.
2003;18(1):81-93;Available from: https://doi.org/10.1086/mre.
18.1.42629384.

15. Pascoe S, Koundouri P, Bjørndal T. Estimating targeting abil-
ity in multi-species fisheries: A primal multi-output distance
function approach. Land Econ. 2007;83(3):382-97;Available
from: https://doi.org/10.3368/le.83.3.382.

16. Pascoe S, Hassaszahed P, Anderson J, Korsbrekke K. Economic
versus physical inputmeasures in the analysis of technical effi-
ciency in fisheries. Appl Econ. 2003;35(15):1699-710;Available
from: https://doi.org/10.1080/0003684032000134574.

17. Squires D, Grafton RQ, Alam MF, Omar IH. Technical effi-
ciency in the Malaysian gill net artisanal fishery. Environ
Dev Econ. 2003;8(3):481-504;Available from: https://doi.org/
10.1017/S1355770X0300263.

18. Tingley D, Pascoe S, Coglan L. Factors affecting technical effi-
ciency in fisheries: stochastic production frontier versus data
envelopment analysis approaches. Fish Res. 2005;73(3):363-
76;Available from: https://doi.org/10.1016/j.fishres.2005.01.
008.

19. Felthoven RG, Paul CJM, TorresM.Measuring productivity and
its components for fisheries: the case of the Alaskan pol-
lock fishery, 1994-2003. Nat Resour Model. 2009;22(1):105-
36;Available from: https://doi.org/10.1111/j.1939-7445.2008.
00031.x.

20. SquiresD, VestergaardN. Technical change and the commons.
Rev Econ Stat. 2013;95(5):1769-87;Available from: https://doi.
org/10.1162/REST_a_00346.

21. Reimer MN, Abbott JK, Wilen JE. Fisheries production: man-
agement institutions, spatial choice, and the quest for pol-
icy invariance. Mar Resour Econ. 2017;32(2):143-68;Available
from: https://doi.org/10.1086/690678.

22. Campbell HF, Hand AJ. Joint ventures and technology
transfer: the Solomon Islands pole-and-line fishery. J Dev
Econ. 1998;57(2):421-42;Available from: https://doi.org/10.
1016/S0304-3878(98)00095-9.

23. Kirkley JE, Squires D, Strand IE. Assessing technical efficiency
in commercial fisheries: the mid-Atlantic Sea scallop fishery.
Am J Agric Econ. 1995;77(3):686-97;Available from: https://
doi.org/10.2307/1243235.

24. Kirkley JE, Squires D, Strand IE. Characterizingmanagerial skill
and technical efficiency in a fishery. J ProdAnal. 1998;9(2):145-
60;Available from: https://doi.org/10.1023/A:1018308617630.

25. Gordon DV. The endogeneity problem in applied
fisheries econometrics: A critical review. Environ Re-
sour Econ. 2015;61(1):115-25;Available from: https:
//doi.org/10.1007/s10640-013-9740-1.

26. Tuan N, Kim Anh NT, Flaaten O, Dung PT, Tram Anh NT. An
analysis of the tuna-mackerel gill-net fishery in Nha Trang. In:
Proceedings of the 13th biennial conference of the Interna-
tional Institute of Fisheries Economics and Trade (IIFET); 2006;
Portsmouth, England;.

27. Tuan N, Kim Anh NT, Flaaten O, Dung PT, Tram Anh NT. Fac-
tors affecting the revenue of the tuna-mackerel gill-net fish-
ery in Nha Trang. The J Fish Sci Technol. 2007;1:16-20 (in Viet-
namese);.

28. Duy NN, Flaaten O, Anh NTK, Ngoc QTK. Open-access fishing
rent and efficiency-the case of gillnet vessels in Nha Trang,
Vietnam. Fish Res. 2012;127-128:98-108;Available from: https:
//doi.org/10.1016/j.fishres.2012.04.008.

29. Duy NN, Flaaten O. Efficiency analysis of fisheries using stock
proxies. Fish Res. 2016;181:102-13;Available from: https://doi.
org/10.1016/j.fishres.2016.04.006.

4769

https://doi.org/10.1139/f57-025
https://doi.org/10.1016/0095-0696(87)90020-9
https://doi.org/10.1016/0095-0696(87)90020-9
https://doi.org/10.1086/261457
https://doi.org/10.1016/0165-7836(94)00305-G
https://doi.org/10.1016/0165-7836(96)00502-4
https://doi.org/10.1016/0165-7836(96)00502-4
https://doi.org/10.1093/icesjms/fss173
https://doi.org/10.1016/j.marpol.2009.11.011
https://doi.org/10.1038/nclimate1301
https://doi.org/10.1002/aqc.2248
https://doi.org/10.1002/aqc.2248
https://doi.org/10.1086/mre.18.1.42629384
https://doi.org/10.1086/mre.18.1.42629384
https://doi.org/10.3368/le.83.3.382
https://doi.org/10.1080/0003684032000134574
https://doi.org/10.1017/S1355770X0300263
https://doi.org/10.1017/S1355770X0300263
https://doi.org/10.1016/j.fishres.2005.01.008
https://doi.org/10.1016/j.fishres.2005.01.008
https://doi.org/10.1111/j.1939-7445.2008.00031.x
https://doi.org/10.1111/j.1939-7445.2008.00031.x
https://doi.org/10.1162/REST_a_00346
https://doi.org/10.1162/REST_a_00346
https://doi.org/10.1086/690678
https://doi.org/10.1016/S0304-3878(98)00095-9
https://doi.org/10.1016/S0304-3878(98)00095-9
https://doi.org/10.2307/1243235
https://doi.org/10.2307/1243235
https://doi.org/10.1023/A:1018308617630
https://doi.org/10.1007/s10640-013-9740-1
https://doi.org/10.1007/s10640-013-9740-1
https://doi.org/10.1016/j.fishres.2012.04.008
https://doi.org/10.1016/j.fishres.2012.04.008
https://doi.org/10.1016/j.fishres.2016.04.006
https://doi.org/10.1016/j.fishres.2016.04.006


Science & Technology Development Journal – Economics - Law and Management 2023, 7(4):4759-4771

30. Truong NX, Vassdal T, Ngoc QTK, Kim Anh NT, Thuy PTT.
Technical efficiency of gill-net fishery in Da Nang, Vietnam:
application of stochastic production frontier. Fish People.
2011;9:26-39;.

31. Pham TDT, Huang H-W, Chuang C-T. Finding a balance be-
tween economic performance and capacity efficiency for sus-
tainable fisheries: case of theDaNanggillnet fishery, Vietnam.
Mar Policy. 2014;44:287-94;Available from: https://doi.org/10.
1016/j.marpol.2013.09.021.

32. Long LK, FlaatenO, AnhNTK. Economic performance of open-
access offshore fisheries-the case of Vietnamese longliners in
the South China sea. Fish Res. 2008;93(3):296-304;Available
from: https://doi.org/10.1016/j.fishres.2008.05.013.

33. Khanh Ngoc TQ, Flaaten O, Kim Anh N. Efficiency of fish-
ing vessels affected by a marine protected area-the case
of small-scale trawlers and the marine protected area in
Nha Trang Bay, Vietnam. In: Dahl E, Moksness E, Støttrup
J, editors. Integrated coastal zone management. UK: Wiley-
Blackwell; 2009. p. 189-206;Available from: https://doi.org/10.
1002/9781444316285.ch15.

34. Hao TV, Flaaten O, Ngoc QTK. Economic efficiency of trawl
fisheries: A case of trawl fisheries in Nha Trang, Vietnam. Fish
People. 2012;10:28-34;.

35. Van Nguyen Q, Pascoe S, Coglan L. Implications of regional
economic conditions on the distribution of technical effi-
ciency: examples from coastal trawl vessels in Vietnam.
Mar Policy. 2019;102:51-60;Available from: https://doi.org/10.
1016/j.marpol.2019.01.016.

36. Hannesson R. Bioeconomic production function in fish-
eries: theoretical and empirical analysis. Can J Fish Aquat
Sci. 1983;40(7):968-82;Available from: https://doi.org/10.1139/
f83-123.

37. Campbell HF. Estimating the elasticity of substi-
tution between restricted and unrestricted inputs
in a regulated fishery: A probit approach. J Envi-
ron Econ Manag. 1991;20(3):262-74;Available from:
https://doi.org/10.1016/0095-0696(91)90012-8.

38. Grafton RQ, Squires D, Fox KJ. Private property and eco-
nomic efficiency: a study of common-pool resource. J Law
Econ. 2000;43(2):679-714;Available from: https://doi.org/10.
1086/467469.

39. Herrero I. Different approaches to efficiency analysis. An ap-
plication to the Spanish Trawl fleet operating inMoroccanwa-
ters. Eur J Oper Res. 2005;167(1):257-71;Available from: https:
//doi.org/10.1016/j.ejor.2004.03.019.

40. Kompas T, Che TN, Quentin Grafton R. Technical efficiency
effects of input controls: evidence from Australia’s ba-
nana prawn fishery. Appl Econ. 2004;36(15):1631-41;Available
from: https://doi.org/10.1080/0003684042000218561.

41. Pascoe S, Coglan L. The contribution of unmeasurable in-
puts to fisheries production: an analysis of technical effi-
ciency of fishing vessels in the English Channel. Am J Agric
Econ. 2002;84(3):585-97;Available from: https://doi.org/10.
1111/1467-8276.00321.

42. Pascoe S, Andersen JL, de Wilde J-W. The impact of manage-
ment regulation on the technical efficiency of vessels in the
Dutch beam trawl fishery. Eur Rev Agric Econ. 2001;28(2):187-
206;Available from: https://doi.org/10.1093/erae/28.2.187.

43. Pascoe S, Mardle S, editors. Efficiency analysis in EU fisheries:
stochastic production frontiers and data envelopment anal-
ysis. Report no. Report 60. Portsmouth: Centre for the Eco-
nomics and Management of Aquatic Resources (CEMARE),
University of Portsmouth; 2003;.

44. Sharma KR, Leung P. Technical efficiency of the longline fish-
ery in Hawaii: an application of a stochastic production fron-
tier.Mar Resour Econ. 1998;13(4):259-74;Available from: https:
//doi.org/10.1086/mre.13.4.42629241.

45. Squires D, Kirkley J. Skipper skill and panel data in fishing in-
dustries. Can J Fish Aquat Sci. 1999;56(11):2011-8;Available

from: https://doi.org/10.1139/f99-135.
46. Comitini S, HuangDS. A study of production and factor shares

in the halibut fishing industry. J Pol Econ. 1967;75(4, Part
1):366-72;Available from: https://doi.org/10.1086/259292.

47. Greenville J, Hartmann J, Macaulay TG. Technical efficiency in
input-controlled fisheries: the NSW Ocean Prawn Trawl Fish-
ery. Mar Resour Econ. 2006;21(2):159-79;Available from: https:
//doi.org/10.1086/mre.21.2.42629502.

48. Eggert H. Technical efficiency in the Swedish trawl fishery for
Norway Lobster. In: Proceedings of the International Institute
of Fisheries Economics and Trade (IIFET) 2000. Corvallis, OR,
U.S.A. Corvallis, OR: IIFET; July 10-14 2000. p. 2000;.

49. Duy NN, Flaaten O, Long LK. Government support and prof-
itability effects - Vietnamese offshore fisheries. Mar Pol-
icy. 2015;61:77-86;Available from: https://doi.org/10.1016/j.
marpol.2015.07.013.

50. Duy NN, Flaaten O. Profitability effects and fishery subsidies:
average treatment effects based on propensity scores. Mar
Resour Econ. 2016;31(4):373-402;Available from: https://doi.
org/10.1086/687930.

51. Schwarz A-M, Béné C, Bennett G, Boso D, Hilly Z, Paul C, et
al. Vulnerability and resilience of remote rural communities to
shocks and global changes: empirical analysis from Solomon
Islands. Glob Environ Change. 2011;21(3):1128-40;Available
from: https://doi.org/10.1016/j.gloenvcha.2011.04.011.

52. Hasan Z, Nursey-Bray M. Artisan fishers’ perception of climate
change and disasters in coastal Bangladesh. J Environ Plan
Manag. 2018;61(7):1204-23;Available from: https://doi.org/10.
1080/09640568.2017.1339026.

53. DECAFIREP. The annual report of the number of vessels and
engine power registered in 2019 (in Vietnamese). Report no.
DECAFIREP Annual Report 2019. Khanh Hoa’s Department of
Capture Fisheries and Resources Protection. Vietnam: Khanh
Hoa; 2019;.

54. Hill RC, Griffiths WE, Lim GC. Principles of econometrics. 5th
ed. New York: John Wiley & Sons; 2018;.

55. White H. A heteroscedasticity-consistent covariance matrix
estimator and a direct test for heteroscedasticity. Econo-
metrica. 1980;48(4):817-38;Available from: https://doi.org/10.
2307/1912934.

56. James G, Witten D, Hastie T, Tibshirani R. An introduction to
statistical learning: with applications in R. 2nd ed. New York:
Springer; 2021;Available from: https://doi.org/10.1007/978-1-
0716-1418-1.

57. Kennedy P. A guide to econometrics. 6th ed. Wiley-Blackwell;
2008;.

58. Fousekis P, Klonaris S. Technical efficiency determinants
for fisheries: a study of trammel netters in Greece. Fish
Res. 2003;63(1):85-95;Available from: https://doi.org/10.1016/
S0165-7836(03)00019-5.

59. Coelli T, Rao D, O’Donnell C, Battese GE. An introduction to ef-
ficiency andproductivity analysis. 2nded.NewYork: Springer;
2005;.

60. UNEP, VIFEP WWF. Fisheries subsidies, supply chain and cer-
tification in Vietnam. Report produced by the United Nations
Environment Programme (UNEP) Division of Technology, In-
dustry and Economics (DTIE), Vietnam Institute of Fisheries
and Economic Planning (VIFEP), World Wildlife Fund for Na-
ture (WWF). Hanoi, Vietnam; September 2009;.

61. Coulthard S, Johnson D, McGregor JA. Poverty, sustainability
and human wellbeing: A social wellbeing approach to the
global fisheries crisis. Glob Environ Change. 2011;21(2):453-
63;Available from: https://doi.org/10.1016/j.gloenvcha.2011.
01.003.

62. Pham TTT, Flaaten O, Nguyen TKA. Remuneration systems
and economic performance: theory and Vietnamese small-
scale purse Seine fisheries. Mar Resour Econ. 2013;28(1):19-
41;Available from: https://doi.org/10.5950/0738-1360-28.1.19.

4770

https://doi.org/10.1016/j.marpol.2013.09.021
https://doi.org/10.1016/j.marpol.2013.09.021
https://doi.org/10.1016/j.fishres.2008.05.013
https://doi.org/10.1002/9781444316285.ch15
https://doi.org/10.1002/9781444316285.ch15
https://doi.org/10.1016/j.marpol.2019.01.016
https://doi.org/10.1016/j.marpol.2019.01.016
https://doi.org/10.1139/f83-123
https://doi.org/10.1139/f83-123
https://doi.org/10.1016/0095-0696(91)90012-8
https://doi.org/10.1086/467469
https://doi.org/10.1086/467469
https://doi.org/10.1016/j.ejor.2004.03.019
https://doi.org/10.1016/j.ejor.2004.03.019
https://doi.org/10.1080/0003684042000218561
https://doi.org/10.1111/1467-8276.00321
https://doi.org/10.1111/1467-8276.00321
https://doi.org/10.1093/erae/28.2.187
https://doi.org/10.1086/mre.13.4.42629241
https://doi.org/10.1086/mre.13.4.42629241
https://doi.org/10.1139/f99-135
https://doi.org/10.1086/259292
https://doi.org/10.1086/mre.21.2.42629502
https://doi.org/10.1086/mre.21.2.42629502
https://doi.org/10.1016/j.marpol.2015.07.013
https://doi.org/10.1016/j.marpol.2015.07.013
https://doi.org/10.1086/687930
https://doi.org/10.1086/687930
https://doi.org/10.1016/j.gloenvcha.2011.04.011
https://doi.org/10.1080/09640568.2017.1339026
https://doi.org/10.1080/09640568.2017.1339026
https://doi.org/10.2307/1912934
https://doi.org/10.2307/1912934
https://doi.org/10.1007/978-1-0716-1418-1
https://doi.org/10.1007/978-1-0716-1418-1
https://doi.org/10.1016/S0165-7836(03)00019-5
https://doi.org/10.1016/S0165-7836(03)00019-5
https://doi.org/10.1016/j.gloenvcha.2011.01.003
https://doi.org/10.1016/j.gloenvcha.2011.01.003
https://doi.org/10.5950/0738-1360-28.1.19


Tạp chí Phát triển Khoa học và Công nghệ – Kinh tế - Luật và Quản lý 2023, 7(4):4759-4771

Open Access Full Text Article Bài nghiên cứu

Khoa Kinh tế, Trường Đại học Nha
Trang, Việt Nam

Liên hệ

Nguyễn Ngọc Duy, Khoa Kinh tế, Trường
Đại học Nha Trang, Việt Nam

Email: nguyenngocduy@ntu.edu.vn

Lịch sử
• Ngày nhận: 30-3-2023
• Ngày chấp nhận: 13-9-2023
• Ngày đăng: 31-12-2023

DOI :

https://doi.org/10.32508/stdjelm.v7i4.1208

Bản quyền
© ĐHQG Tp.HCM. Đây là bài báo công bố
mở được phát hành theo các điều khoản của
the Creative Commons Attribution 4.0
International license.

Tác động của yếu tố nội sinh và ngoại sinh đến sản lượng đánh bắt:
Trường hợp ngành thủy sản xa bờ Việt Nam

Nguyễn Ngọc Duy*

TÓM TẮT
Thành quả đánh bắt của tàu cá bị ảnh hưởng bởi cả yếu tố nội sinh và ngoại sinh. Nghiên cứu này
nhằm mục đích đo lường tác động của những yếu tố này đối với sản lượng khai thác của các tàu
lưới rê xa bờ tại Khánh Hòa, Việt Nam thông qua việc ước lượng hàm đánh bắt dựa trên dữ liệu
khảo sát từ bamùa vụ khai thác (2008, 2013 và 2018). Nghiên cứu đã chỉ ra rằng các yếu tố nội sinh
bao gồm công suất máy tàu, số tấm lưới, số ngày đánh bắt và chi phí biến đổi có tác động dương
đến sản lượng khai thác ở mức ý nghĩa 1%. Trong các yếu tố này, số lượng tấm lưới có ảnh hưởng
lớn nhất đến sản lượng đánh bắt. Tuy nhiên, các hệ số ảnh hưởng nhìn chung nhỏ hơn so với các
hệ số quan sát được trong các nghiên cứu trước đây trong cùng một khu vực hoặc trên cùng một
ngư trường đánh bắt. Ngược lại, ước tính hệ số cho tuổi của chủ tàu là âm và không có ý nghĩa
thống kê. Các yếu tố ngoại sinh có những tác động khác nhau đến sản lượng. Nghiên cứu không
tìm thấy tác động rõ rệt của việc hỗ trợ chi phí dầu, trong khi chỉ số đại diện trữ lượng nguồn lợi
có hệ số tác động nhỏ và nhận thức về biến đổi khí hậu của ngư dân có tác động đáng kể đến sản
lượng khai thác ở mức ý nghĩa 1%. Kết quả cho thấy nguồn lợi xa bờ đang đối mặt tình trạng khan
hiếm ngày càng tăng. Ngoài ra, khi nhận thức của ngư dân về biến đổi khí hậu tăng lên, họ có thể
có xu hướng điều chỉnh để thích nghi và đối phó tác động của nó nhiều hơn. Hơn nữa, mối lo ngại
ngày càng lớn về tính bền vững lâu dài của nghề cá tiếp cận mở dựa vào trợ cấp. Nghiên cứu gợi
ý rằng chính sách nghề cá nên tập trung vào việc quản lý các yếu tố đầu vào của tàu để ngăn việc
khai thác quá mức nguồn lợi biển xa bờ. Hơn nữa, nên có chính sách hỗ trợ ngư dân áp dụng các
chiến lược ứng phó thích hợp khi đối mặt với biến đổi khí hậu. Ngoài ra, các chính sách trợ cấp
không gây hại cho nguồn lợi biển xa bờ cần được khuyến khích.
Từ khoá: Hàm đánh bắt, Yếu tố nội sinh, Yếu tố ngoại sinh, Ngành thủy sản xa bờ
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